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2. Concept Drift
3. Gradual

4. Sudden

5. Incremental
6. Recurrent

7. Abrupt
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5. Extreme Machine Learning
6. Descent Gradiant
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1. Very Fast Decision Tree
2. AdaBoost
3. Feed Forward Neural Networks
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1. Deep Extreme Learning Machine
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3. Matthews Correlation Coefficient

Requirements: Data stream s, Block B,, k and d,&,K classifiers;
while s #null do

Get B, ;

Employ PCA

if p,+s,<p,.+Ys.., and p, <& then

The data stream is stable. The ensemble classifier remains
unchanged.

if p,+s,2p.. +Vs.., and p, <& then

Incremental learning is done by updating the classifiers;

elseif p,+s,2p . +Vs_ . and p >¢ then

Concept drift has happened;
Ignore all classifiers and retrain them
End if
Return label
End while
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