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. Adversarial Attack

. Object Recognition

. Malware Detection

. Reinforcement Learning
Speech Recognition

. Face Recognition

. Semantic Segmentation
. Video Processing

. Object Detection
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4. Linear Search

5. Fast Gradient Sign Method
6. Back Propagation
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1. Domain Shift
2. Radial Basis Function
3. Arc Cosine
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6. Soft Max

7. Pearson

8. Variance

9. Regularized

10. Norm

11. Box-Constraint
12. Line Search
13. Epsilon
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3. Ensemble Learning
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3. Principal Component Analysis
4. Batch Normalization

5. Epochs

6. Regularize

7. Histogram

8. Support Vector Machine

9. Generalization
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1. Proactive

2. Reactive
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