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Procedure MST&MM

Input: Graph G (V, E) aconnected graph
output: discrete communities.
1: calculate weight matrix using Eq. (1)
2: find Minimum Spanning Tree (T) in G.
3:remove (n— 1)/2 edges with highest weight in T.
4: set (n + 1)/2 remaining subgraph as initial community.
3: calculate modularity(Q).
6 while (Q increases){
: merge neighbor subgraphs with largest modularity
maximization using equation Eq. (2).
8}
9: return merged subgraphs as communities.
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