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1. Top-Down

2. Bottom-Up

3. Pre-Trained

4. Contextualized
5. Transformer

6. Fine-Tune

7. Bidirectional Encoder Representations from Transformers
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5. Quasi-Synchronous Grammar
6. Recurrent Neural Network

7. Attention Mechanism

8. Pointer-Generator

9. Convolutional

10. Transfer Learning
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1. Multilingual-BERT

2. Extractive

3. Abstractive

4. Long Short Term Memories
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2. Encoder-Decoder

3. Pre-Training

4. Segmentation Embedding
5. Multi-Head Attention
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1. Masked Language Model
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3. Coverage Vector
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1. Global Vectors for Word Representation
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3. Scrawl
4. Chunker
5. Support Vector Machine
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