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6. Deep Learning
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4. Robust

Algorithm 1: Greedy Algorithm
Input: Modularity _Matrix,V,x

Output: final partition ¥

L. W=Ww

2. ¢=n

3. Repeat

4 Find the maximum entry in }A, andset i and j to its row and

column indices.

5. Merge the two clusters i and j as anew cluster i & j .

6 Update the Modularity _Matrix (derive W_, from W) as
follows:

7. foreach 7=1to n

8. W, (& j,m)+W.(j,7)

9. end

10. ¢-1

11. Until ¢ =« (only x clusters remains)

12 Return the merged indices in . as the final clusters, Y .
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