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dense_22: Dense
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dense_23: Dense

I batch_normalization_10: BatchNormalization |
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| activation__10: Activation ]

|

[ dropout_21: Dropout |

dense_24: Dense

l dropout_22: Dropout ]

dense_ 25: Dense

I batch_normalization__11: BatchNormalization I
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| activation_11: Activation |

}

[ dropout_23: Dropout I

dense_26: Dense

[ dropout_24: Dropout I

dense_27: Dense

I dropout_25: Dropout |

dense_28: Dense

[ batch_normalization_12: BatchNormalization ]
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| activation__12: Activation |
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[ dropout_26: Dropout I
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