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7. Confidence

8. Support

9. Self Organizing Map
10. Interpretability
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1. Weighted K-Nearest Neighbor

2. Linear Regression

3. Correlation Coefficient

4. Multi-Layer Perceptron

5. Class-Based K-Clusters Nearest Neighbor Imputation
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7. Expectation Maximization
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10. Noisy Data
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1. Decremental Reduction Optimization Procedure
2. Fuzzy Rough Sets Theory

3. Fuzzy-Rough Nearest Neighbor Imputation

4. Lower and Upper Approximations

5. Uncertainty
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Input:
DS : A dataset with NV instances defined on schema (4,, 4,,...,4,,)

with missing values
¢ : number of clusters

p: comparison percentage

t . threshold for method selection
Output:

DS : Imputed dataset

Imputation-Method (c, p,?):

1. Split DS to DS.={c,c,,...,c,} (contains complete instances)
and DS, ={m,,m,,...,m,} (contains instances with missing value
(P+Q=N)

2. Cluster DS, to ¢ clusters using k-means algorithm
(S,S,,....8,)

3. Assign each instance in DS, to a cluster

4. Assign each instance in DS, to a cluster

5. COR(S,),COR(S,),...,COR(S,) < Compute correlation matrix for
each cluster
6. foreach cluster S,

7. foreach m/ e S,

8. w" <« find index of most correlated attribute to 4 [, using
COR(S,)
p <« COR(S))

9. if p .2t

10. Create a linear regressor using A, as dependent variable

and 4. as independent variable

11. estimatedValue < estimate m; using created regressor
end
12. else
13. €;,Cy5...,C, < Select p%(k) of nearest neighbors to
m] in S,
14. estimatedValue < estimate m; using weighted k nearest
neighbor algorithm
end
15. m! <« estimatedValue

16. return DS. U DS,
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3. Dependent Variable
4. Fitting
5. Least Square Method
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1. Pearson Correlation Coefficient

2. Independent Variable
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