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4. Sentiment Analysis
5. Opinion Word
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9. Bootstrapping
10. Fine-Grained
11. Coarse-Grained
12. Unsupervised
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1. Feature Extraction

2. Tokenization

3. Part of Speech Tagging

4. Syntax Dependency Parsing
5. Double Propagation

6. Support Vector Machine

7. Naive Bayes

8. Maximum Entropy Model
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ADJ is new Opinion word

If (CONIJ € Contrary words)
Polarity(ADJ) = - Polarity(OW)
Else

Polarity(ADJ) = Polarity(OW)

(OW dep POS(ADJ)) or (OW dep
POS(ADV)POS(ADJ)) )
dep € {CONJ}

SBJ(N) is new Feature (SBJ(POS(N)) dep OW) Y
MOS(ADYJ) is new Opinion word  (F dep MOS(POS(ADJ))) Y
N is new Feature g;?ip {Ié%%lj\?) or (F MOZ(POS(N))) ¥
F+NPOSTMOD is new Feature (F NPOSTMOD(POS(ADYJ)) dep MOS(POS(ADJ))) A
OW (opinion word) = ,la  ggl> F(Feature) = S}, MOS = s
ADJ(Adjective) = o NPOSTMOD = (s Cibeo MOZ = Lo

CONIJ(Conjunction) = Ly, &>

SIB(Subject) = Jslé
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Input: Opinion word Dictionary {O}, Review DataR

Output: All possible Features {F}. The Expanded Opinion Lexicon {O-Expanded}
Function:

1. {O-Expanded} = {O}

2. {F}=@ {0} =8, {TempF} =6

3 foreach {O}

4. for each parsed sentence inR

3. label Opinion words based on Opinion wordsin {O}
6. endfor

7. remove {Oi}

8. endfor

10.  for each parsed sentence in R

11. label Features based on Featurs in { TempF }
12.  endfor

13, remove {TempFi}

14 endfor

15. for each parsed sentence in R

16. Extract Opinion word {O°} using rilel and add to {0} and { O-Expanded }
17. endfor

18. for each parsed sentence in R

19, Extract Feature {F'} using mle? and add to {F} and { TempF}

20 endfor

21. for each parsed sentence in R

22, Extract Opinion word {07} using rule3 and add to add to {0} and { O-
Expanded }

23 endfor

24 for each parsed sentence in R

25.  Extract Feature {F"} using mule4 and add to {F} and { TempF}

26. endfor

27. for each parsed sentence in R

28. Extract Feature {F"} using rule5 and add to {F} and { TempF}

29 _endfor

30. Repeat 3 till size({TenpF})=0zize({0})=0
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